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Synchronization of Dynamical Networks With
Nonidentical Nodes: Criteria and Control
Jun Zhao, David J. Hill, Fellow, IEEE, and Tao Liu
Abstract—This paper presents a framework for global synchro-
nization of dynamical networks with nonidentical nodes. Several
criteria for synchronization are given using free matrices for both
cases of synchronizing to a common equilibrium solution of all
isolated nodes and synchronizing to the average state trajectory.
These criteria can be viewed as generalizations of the master sta-
bility function method for local synchronization of networks with
identical nodes to the case of nonidentical nodes. The controlled
synchronization problem is also studied. The control action, which
is subject to certain constraints, is viewed as reorganization of the
connection topology of the network. Synchronizability conditions
via control are put forward. The synchronizing controllers can be
obtained by solving an optimization problem.
Index Terms—Dynamical networks, master stability function,
nonidentical nodes, synchronization.
I. INTRODUCTION
D YNAMICAL networks have attracted extensive attentionrecently (see[2] and the references therein). Synchroniza-
tion, as an emergent phenomenon of dynamical networks, is
one of the key issues that have been addressed. Some recent
overviews can be found in[21] and [33]. The main concerns of
the investigations are to try to understand the synchronization
phenomenon in many disciplines including physics, biology,
and social interactions, to study the underlyingmechanisms, and
to establish synchronization criteria mathematically.
A dynamical network can, of course, be regarded as a dynam-
ical system with a special structure. Likewise, synchronization
problems can be treated as some types of stability issues. How-
ever, applying standard stability analysis methods to a network
as a dynamical system usually produces full-dimensional con-
ditions that are often very hard to check or compute. This is
mainly because the number of nodes is often very large, and
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thus, the dimension is huge. Therefore, how to have checkable
and computable synchronization criteria, in particular, lower di-
mensional conditions, is one of the key points in the study of net-
work synchronization. Taking the isolated node dynamics and
the network topology into account is an effective way to estab-
lish such synchronization criteria.
In almost all the existing results, a common assumption is
that all nodes of a network are identical. Indeed, this assump-
tion makes it much easier to analyze the network, particularly
for the synchronizability problems. In particular, under this
assumption, a constant, symmetric, and irreducible coupling
configuration matrix can always give rise to local synchro-
nization criteria that only require the checking of simultaneous
stability of several lower dimensional dynamical systems [2],
[5], [17], [32]–[34]. Some relevant extensions and results using
other methods can be found, for example, in [4], [7], [11],
[20], [24], [28], and [38]. Controlled synchronization has been
addressed by several research works—see [14], [16], [17], [22],
[25], and [36] for results relevant here.
However, most dynamical networks in engineering have
different nodes. Taking a power system as an example [12],
the generators (power sources) and loads (power sinks) are
connected to buses which are interconnected by transmission
lines in a network structure. Therefore, the power system can
be viewed as a dynamical network where the nodes consist of
generators and (dynamical) loads. Due to different physical
parameters of individual generators, the generator models
have different dynamics, and the power system is obviously a
dynamical network with nonidentical nodes.
The behavior of dynamical networks with nonidentical nodes
is much more complicated than that of the identical-node case.
In terms of the synchronization issue, unlike the identical-node
case, decompositions into a number of lower dimensional sys-
tems are, in general, no longer possible, even for the local syn-
chronization problem. Thus, the study of synchronization of dy-
namical networks with nonidentical nodes is very hard, and very
few results have been reported by now. A simple case where
all nonidentical nodes have the same equilibrium was consid-
ered in [35], where a synchronization criterion using -stability
Lyapunov functions was given by constructing a common Lya-
punov function for all the nodes. Controlled synchronization
was considered for the case where each node has a normal form
with a linear main part [23], and distributed controllers were de-
signed to achieve synchronization. Several collective properties
for coupled nonidentical chaotic systems were respectively dis-
cussed in [8], [15], [9], [10], [30], and [31]. As asymptotic syn-
chronization of a network with nonidentical nodes is very hard
to achieve, most researchers focus on partial synchronization,
particularly for nonidentical Kuramoto oscillators [3], or output
synchronization [6]. Bounded synchronization is another type
1549-8328/$26.00 © 2010 IEEE
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of weaker form of synchronization when asymptotic synchro-
nization is impossible [13], [27].
This paper addresses the issue of asymptotic synchroniza-
tion for complex dynamical networks with nonidentical nodes.
Free matrices are introduced in the analysis, and global synchro-
nization criteria are given based on solving a number of lower
dimensional matrix inequalities and scalar inequalities, which
generalize the criteria using the method of the master stability
function for networks with identical nodes. Controlled synchro-
nizability conditions are put forward. The synchronizing con-
trollers can be designed by solving an optimization problem.
II. PRELIMINARIES
We study a dynamical network modeled as
(1)
where is the state of the th node.
Assume that the matrix , which represents the
outer coupling configuration of the network, is symmetric and
that , where , and are contin-
uously differentiable with Jacobian . The dynamics of the
isolated nodes are , where .
The network (1) is said to synchronize if
, where and . An equivalent defini-
tion of synchronization is that there exists a function such
that , where . Obvi-
ously, is not unique. In fact, any function satisfying
serves the same purpose.
Let be a function to which all ’s are expected to
synchronize. Then, the deviations satisfy
(2)
Let . Then, (2) becomes
(3)
The linearized error dynamics of the network (1) are given by
(4)
which is the basis to study local synchronization.
Since is symmetric and irreducible, there exists a unitary
matrix such that
(5)
where is the th column of with
and are
the eigenvalues of satisfying .
Let be the linear space of the uniformly
bounded continuous (continuously differentiable) real matrix-
valued functions defined on . For any , the
norm of is defined by .
A time-varying matrix is said to be uniformly positive
definite, denoted by , if holds for all
, , and some . is uniformly negative
definite, denoted by , if is uniformly positive
definite.
III. SYNCHRONIZATION CRITERIA
In this section, we will present the criteria for synchronizing
to an equilibrium solution and to the average of all node states,
respectively.
A. Synchronization to an Equilibrium Solution
Suppose that is a known equilibrium solution to all iso-
lated nodes, i.e., satisfies
(6)
Substituting (6) into (3) gives
(7)
Note that is an equilibrium point of (7), so the asymptotic
stability of (7) implies the synchronization.
Theorem 3.1: Suppose that there exist matrix , which
may be time varying, and uniformly positive definite matrices
with and constant , such that
(8)
(9)
Then, the network (1) globally synchronizes.
Proof: Let . Then, it follows from (7) that
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(10)
Equation (8) implies that there exists a sufficiently small con-
stant such that
(11)
Choose with . Differ-
entiating along the trajectory of (10) and in view of (9),
we have
(12)
This completes the proof.
It is crucial to find a matrix to satisfy the conditions of
Theorem 3.1. This can be done by solving the following opti-
mization problem.
Corollary 3.2: If the optimization problem
(13)
has a positive maximum, then the network (1) globally synchro-
nizes.
When such a matrix does not exist or is hard to find, we
may apply the following criterion to test the synchronizability.
Theorem 3.3: Suppose that there exist matrices
with , which may be time varying and depend on
the variable , constants with , where ,
, and , constants , where
, uniformly positive definite matrices with
, and constants such that
(14)
(15)
(16)
Then, the network (1) globally synchronizes.
Proof: Choose the new variables . Then,
it follows from (7) that
(17)
Equivalently, we have
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(18)
Since is a unitary matrix, we have
Thus, (18) is equivalent to
(19)
Choose and . Dif-
ferentiating along the trajectory of (18), we have
(20)
Applying (14) and (15) gives
(21)
with a sufficiently small constant .
Therefore
(22)
Applying Young’s inequality results in
(23)
Combining (16), (22), and (23) yields
(24)
which completes the proof.
Remark 3.4: In Theorem 3.1, Corollary 3.2, and Theorem
3.3, the condition is only for simplicity since any
nonzero matrix can be normalized by being divided by its norm.
Remark 3.5: If we replace with in
(9) and (13)–(15), we will have local synchronization criteria.
In this case, more particularly, if all nodes are identical, then
(9), (15), and (16) are automatically satisfied with
and . In this case, both Theorems 3.1 and
3.3 degenerate into the well-known master Lyapunov function
condition [2].
Remark 3.6: It is worth mentioning that the inequalities (14)
are not pure linear matrix inequalities due to the presence of the
matrices , so we have no general methods to
solve these inequalities. Fortunately, in some special cases, it is
still possible to find solutions. We only mention the following
two cases.
1) are bounded in the sense of
the following decompositions:
where and , , and
are time-varying matrices, or each has
the decomposition
In this case, a linear matrix inequality-type condition can
be easily established to make (14) hold.
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2) Let denote the largest eigenvalue of the matrix
If for some constants , then (14)
automatically holds with and .
Remark 3.7: Similar to Corollary 3.2, the constants satis-
fying (15) can be obtained by solving the following optimization
problems:
(25)
B. Synchronization to the Average Trajectory
If not all the nodes share a common equilibrium solution, the
synchronization analysis becomes more complicated. First of
all, we have to choose a proper to which all the nodes are
expected to synchronize so that the analysis can be carried out.
Here, we choose the average of all node states, i.e.,
The average dynamics of all node dynamics are defined by
the vector field
Again, let . Obviously, .
A straightforward calculation gives
(26)
Substituting (26) into (2), we have
(27)
Thus
...
. . .
...
... (28)
It is worth pointing out that is no longer an equilibrium
point of (28). Therefore, the synchronization problem cannot be
solved as the asymptotic stability problem of (28). Instead, the
synchronizability can be checked by the attractiveness of (28)
to the manifold defined by .
Proposition 3.8: Suppose that ’s are uniformly contin-
uous with respect to and ’s are uniformly continuous with
respect to . If the network (1) synchronizes, then it holds that
(29)
Proof: From (27), we have
(30)
The uniform continuity of implies
Integrating both sides of (30) from 0 to and using the uniform
continuity of immediately give
which is equivalent to
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Obviously, (29) is far from being sufficient. This can be easily
seen from the fact that even many networks with identical nodes
still do not synchronize.
In order to develop sufficient conditions, we need to rewrite
(28) in the new coordinates
...
. . .
...
... (31)
Note that
...
. . .
...
(32)
and is a unitary matrix; it turns out that
...
. . .
...
...
...
. . .
...
...
...
. . .
...
...
...
. . .
...
(33)
Thus, a simple calculation gives
...
. . .
...
...
...
. . .
...
...
...
. . .
...
...
...
. . .
...
(34)
Therefore, combining (31) and (34) yields
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...
...
. . .
...
... (35)
Since , we only need to consider . Let
. Then, (35) becomes
...
...
... (36)
Theorem 3.9: Suppose the following.
1)
2) There exist matrix , which may be time varying,
uniformly positive definite matrices with
, and constant such that
(37)
3)
(38)
Then, the network (1) globally synchronizes.
Proof: From (36), we know
...
...
... (39)
Choosing with and
in view of , where ,
similar to the proof of Theorem 3.1, we can complete the proof.
Theorem 3.10: Suppose that there exist matrices
with , which may be time varying and even depend
on variable , constants with , where ,
, and , constants , where
, uniformly positive definite matrices with
, and constants , where , such that
(40)
(41)
and if
(42)
If in addition
then the network (1) globally synchronizes.
Proof: Using a similar method as in the proof of Theorem
3.3 completes the proof.
IV. SYNCHRONIZATION VIA CONTROL
In this section, we study how to achieve synchronization via
design of controllers.
Consider the controlled network
(43)
where is the control for the th node.
Unlike general nonlinear control systems for which nonlinear
controllers of any form can be designed, network control must
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take network features into account. The form of feedback infor-
mation gathered from individual nodes is assumed to be con-
sistent with the interconnection among nodes which are charac-
terized by the outer coupling configuration matrix. Thus, feed-
back control for networks differs from the control for general
control systems and also increases the difficulty of control de-
sign for networks. On the other hand, if general nonlinear con-
trollers were allowed for networks, the nonlinear isolated dy-
namics could be completely canceled, and the synchronization
problem would be trivial.
Now, taking signal transmission in a network into account, we
consider the control action as a reset of the outer coupling con-
figuration according to certain constraints. Thus, the controllers
take the form
(44)
where and is a given control
constraint set. Again, the set has the property that the matrix
for any matrix is again symmetric and has zero
row-sum property.
Some typical forms of are listed as follows.
1) Any is formed by adding or removing a certain
number of links based on the existing links. The number
can be pregiven.
2) ’s are obtained by adjusting the values of the corre-
sponding ’s.
3) Some boundedness on the entries of , for example,
for some pregiven constants .
4) A combination of all the above.
For simplicity, we only consider the case where all the iso-
lated nodes have the same equilibrium solution , i.e., (6)
holds. Similar discussions can be given for the case of the av-
erage trajectory.
The constants are called the eigenvalues of a
matrix pair if they are the eigenvalues of the
matrix for some matrix .
We introduce the notion of constrained eigenvalue assign-
ment.
Definition 4.1: Let be a matrix pair and
and be the given sets. We say that the eigen-
values of the pair can be assigned to the set under the
constraint set if there exists such that the vector of
the eigenvalues of belongs to .
This notion is a generalization of pole assignment for linear
systems when feedback is limited to an admissible set. A similar
concept using a special form of was adopted in the study of
large-scale systems [29].
Let be the set of all the vectors with
and the following property.
Property 4.2: There exist matrix , which may be time
varying, uniformly positive definite matrices
with , and constant ; all , , and may be
depending on such that
(45)
(46)
Theorem 4.3: Suppose that . If the eigenvalues of the
matrix pair can be assigned to the set
under the constraint set , then there exists such that
the controllers globally synchronize the
network (1).
Proof: Applying Theorem 3.1 to the feedback network im-
mediately completes the proof.
The matrix can be obtained by solving the following opti-
mization problem:
(47)
Any optimal solution to (47) with minimum zero provides a
choice of synchronizing controllers.
Remark 4.4: In order to apply Theorem 4.3 and to solve
the optimization problem (47), it is crucial to know the struc-
ture of the set , which is, in general, very hard. Therefore, it
is realistic to replace with some proper subset of , which
makes all results still valid. For the case of identical nodes and
local synchronization problems, such a subset is comparatively
easier to obtain. In fact, we can choose and
, which makes (46) automatically satisfied, while satis-
fying (47) can be characterized by the master stability function.
Once such a subset is fixed, whether Theorem 4.3 is appli-
cable or the optimization problem (45) has the minimum zero
largely depends on “how far” the eigenvalues of the matrix pair
can be assigned under the constraint set . If the assign-
able eigenvalues can reach the subset of , synchronization is
reached, and the feedback can be found. According to the linear
control theory, is completely controllable, and thus, the
eigenvalues can be assigned anywhere. However, here, we have
to stick to the constraint set . For a concrete set , specific
methods may be applicable to check the conditions of Theorem
4.3 and to solve the optimization problem (47). For example,
when the set is characterized by adding a certain number of
links, the method in [1] and [26] may be applied.
Next, we study how to apply Theorem 3.3 to design con-
trollers. For convenience, denote .
Theorem 4.5: Suppose that there exist a vector
with , a matrix ,
matrices with , which may be time varying
and depend on variable , constants with ,
where , , and , constants with
, uniformly positive definite matrices
with , and constants such that
(48)
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(49)
(50)
If , then the global
synchronization is achieved by the controller (44) with
.
Proof: Applying Theorem 3.3 to the feedback network
completes the proof.
The discussion similar to Remark 4.4 can be made for The-
orem 4.5.
V. EXAMPLE
Consider the following dynamical network with five noniden-
tical nodes:
(51)
where
Solving (8) and (9) gives and
Fig. 1. Synchronization errors of .
Fig. 2. Synchronization errors of .
Applying Theorem 3.1, we know that the network synchro-
nizes. The simulation results are shown in Figs. 1–3.
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Fig. 3. Synchronization errors of .
VI. CONCLUSION
We have established a framework for the synchronization of
a dynamical network with nonidentical nodes. Several synchro-
nization criteria have been given in terms of matrix inequalities
and constraints on a matrix norm. Free matrices and are
introduced respectively to establish the criteria, which provide
more freedom to check synchronizability. For controlled syn-
chronization, we take the control action as reorganization of the
outer coupling topology under admissible structures. This point
of view is distinct from the existing results on controlled syn-
chronization where either a general nonlinear controller or error
feedback is exploited.
The proposed methods are applicable to practical dynamical
networks with nonidentical nodes. For example, the proposed
design strategy provides a useful tool to maintain angle and
voltage stability of power systems.
For networks with nonidentical nodes, we have little knowl-
edge. In particular, efficient techniques need to be developed to
improve the checkability of the conditions of the proposed the-
orems and to solve the optimization problems.
REFERENCES
[1] N. Biggs, Algebraic Graph Theory. Cambridge, U.K.: Cambridge
Univ. Press, 1974.
[2] S. Boccaletti, V. Latora, Y. Moreno, M. Chavez, and D. U. Hwang,
“Complex networks: Structure and dynamics,” Phys. Rep., vol. 424,
no. 4/5, pp. 175–308, Feb. 2006.
[3] M. Brede, “Synchrony-optimized networks of non-identical Kuramoto
oscillators,” Phys. Lett. A, vol. 372, no. 15, pp. 2618–2622, Apr. 2008.
[4] G. Chen and Z. Duan, “Network synchronizability analysis: A graph-
theoretic approach,” Chaos, vol. 18, no. 3, p. 037 102, Sep. 2008.
[5] M. Chen, “Synchronization in complex dynamical networks with
random sensor delay,” IEEE Trans. Circuits Syst. II, Exp. Briefs, vol.
57, no. 1, pp. 46–50, Jan. 2010.
[6] N. Chopra and M. W. Spong, “Output synchronization of nonlinear
systems with time delay in communication,” in Proc. 45th CDC, 2006,
pp. 4986–4992.
[7] P. DeLellis, M. diBernardo, and F. Garofalo, “Novel decentralized
adaptive strategies for the synchronization of complex networks,”
Automatica, vol. 45, no. 5, pp. 1312–1318, May 2009.
[8] Z. Duan and G. Chen, “Global robust stability and synchronization of
networks with Lorenz-type nodes,” IEEE Trans. Circuits Syst. II, Exp.
Briefs, vol. 56, no. 8, pp. 679–683, Aug. 2009.
[9] H. G. Enjieu Kadji, J. B. Chabi Orou, and P. Woafo, “Synchroniza-
tion dynamics in a ring of four mutually coupled biological systems,”
Commun. Nonlinear Sci. Numer. Simul., vol. 13, no. 7, pp. 1361–1372,
Sep. 2008.
[10] R. Femat, L. Kocarev, L. van Gerven, and M. E. Monsivais-Perez,
“Towards generalized synchronization of strictly different chaotic sys-
tems,” Phys. Lett. A, vol. 342, no. 3, pp. 247–255, Jul. 2005.
[11] A. Fradkov, B. Andrievsky, and R. J. Evans, “Synchronization of pas-
sifiable Lurie systems via limited-capacity communication channel,”
IEEE Trans. Circuits Syst. I, Reg. Papers, vol. 56, no. 2, pp. 430–439,
Feb. 2009.
[12] D. J. Hill and G. Chen, “Power systems as dynamic networks,” in Proc.
IEEE Int. Symp. Circuits Syst., 2006, pp. 722–725.
[13] D. J. Hill and J. Zhao, “Global synchronization of complex dynam-
ical networks with non-identical nodes,” in Proc. 47th CDC, 2008, pp.
817–822.
[14] C. Liu, Z. Duan, G. Chen, and L. Huang, “ norm performance index
of synchronization and LQR control synthesis of complex networks,”
Automatica, vol. 45, no. 8, pp. 1879–1885, Aug. 2009.
[15] Y. Liang and H. J. Marquez, “Robust gain scheduling synchronization
method for quadratic chaotic systems with channel time delay,” IEEE
Trans. Circuits Syst. I, Reg. Papers, vol. 56, no. 3, pp. 604–615, Mar.
2009.
[16] A. Loria, “A linear time-varying controller for synchronization of L
chaotic systems with one input,” IEEE Trans. Circuits Syst. II, Exp.
Briefs, vol. 56, no. 8, pp. 674–678, Aug. 2009.
[17] J. Lü andG. Chen, “A time-varying complex dynamical networkmodel
and its controlled synchronization criteria,” IEEE Trans. Autom. Con-
trol, vol. 50, no. 6, pp. 841–846, Jun. 2005.
[18] J. Lü, S. Yu, H. Leung, and G. Chen, “Experimental verification of
multidirectional multiscroll chaotic attractors,” IEEE Trans. Circuits
Syst. I, Reg. Papers, vol. 53, no. 1, pp. 149–165, Jan. 2006.
[19] J. Lü, S. Yu, G. Chen, and D. Cheng, “Characterizing the synchroniz-
ability of small-world dynamical networks,” IEEE Trans. Circuits Syst.
I, Reg. Papers, vol. 51, no. 4, pp. 787–796, Apr. 2004.
[20] P. Maffezzoni, “Synchronization analysis of two weakly coupled oscil-
lators through a PPV macromodel,” IEEE Trans. Circuits Syst. I, Reg.
Papers, vol. 57, no. 3, pp. 654–663, Mar. 2010.
[21] M. Newman, A.-L. Barabasi, and D. J. Watts, The Structure and Dy-
namics of Networks. Princeton, NJ: Princeton Univ. Press, 2006.
[22] M. Porfiri and M. Bernardo, “Criteria for global pinning-controllability
of complex networks,” Automatica, vol. 44, no. 12, pp. 3100–3106,
Dec. 2008.
[23] J. G. B. Ramirez and R. Femat, “On the controlled synchronization of
dynamical networks with non-identical nodes,” in Proc. 3rd Int. IEEE
Sci. Conf. Phys. Control (Physcon), 2007, pp. 1253–1257.
[24] G. Russo and M. di Bernardo, “Contraction theory and master stability
function: Linking two approaches to study synchronization of complex
networks,” IEEE Trans. Circuits Syst. II, Exp. Briefs, vol. 56, no. 2, pp.
177–181, Feb. 2009.
[25] L. Scardovi, M. Arcak, and E. D. Sontag, “Synchronization of in-
terconnected systems with applications to biochemical networks: An
input–output approach,” IEEE Trans. Autom. Control, vol. 55, no. 6,
pp. 1367–1379, Jun. 2010.
[26] I. Shames, B. D. O. Anderson, X. Wang, and B. Fidan, “Network syn-
chronizability enhancement using convex optimization,” inProc. ECC,
2009, pp. 2067–2072.
[27] J. Sun, E. M. Bolt, and T. Nishikawa, “Constructing generalized syn-
chronization manifolds by manifold equation,” SIAM J. Appl. Dyn.
Syst., vol. 8, no. 1, pp. 202–221, 2009.
[28] Q. Song, J. Cao, and F. Liu, “Synchronization of complex dynamical
networks with nonidentical nodes,” Phys. Lett. A, vol. 374, no. 4, pp.
544–551, Jan. 2010.
[29] L. Trave, A. Titli, and A. Tarras, Large Scale Systems: Decentral-
ization, Structure Constraints and Fixed Modes. Berlin, Germany:
Springer-Verlag, 1989.
[30] R. K. Upadhyay and V. Rai, “Complex dynamics and synchronization
in two non-identical chaotic ecological systems,” Chaos Solitons Frac-
tals, vol. 40, no. 5, pp. 2233–2241, Jun. 2009.
[31] U. E. Vincent and J. A. Laoye, “Synchronization, anti-synchronization
and current transports in non-identical chaotic ratchets,” Phys. A, vol.
384, no. 2, pp. 230–240, Oct. 2007.
[32] X. F. Wang, “Complex networks: Topology, dynamics and synchro-
nization,” Int. J. Bifur. Chaos, vol. 12, no. 5, pp. 885–916, May 2002.
[33] C.W.Wu, Synchronization in Complex Networks of Nonlinear Dynam-
ical Systems. , Singapore: World Scientific, 2007.
594 IEEE TRANSACTIONS ON CIRCUITS AND SYSTEMS—I: REGULAR PAPERS, VOL. 58, NO. 3, MARCH 2011
[34] W. Wu, W. Zhou, and T. Chen, “Cluster synchronization of linearly
coupled complex networks under pinning control,” IEEE Trans. Cir-
cuits Syst. I, Reg. Papers, vol. 56, no. 4, pp. 829–839, Apr. 2009.
[35] J. Xiang and G. Chen, “On the V-stability of complex dynamical net-
works,” Automatica, vol. 43, no. 6, pp. 1049–1057, Jun. 2007.
[36] C. Yu, B. D. O. Anderson, S. Dasgupta, and B. Fidan, “Control of mini-
mally persistent formations in the plane,” SIAM J. Control Optim., vol.
48, no. 1, pp. 206–233, Feb. 2009.
[37] Q. Zhang, J. Lü, and C. K. Tse, “Adaptive feedback synchronization
of a general complex dynamical network with delayed nodes,” IEEE
Trans. Circuits Syst. II, Exp. Briefs, vol. 55, no. 2, pp. 183–187, Feb.
2008.
[38] J. Zhao, D. J. Hill, and T. Liu, “Synchronization of complex dynamical
networks with switching topology: A switched system point of view,”
Automatica, vol. 45, no. 11, pp. 2502–2511, Nov. 2009.
Jun Zhao received the B.S. and M.S. degrees in
mathematics from Liaoning University, Shenyang,
China, in 1982 and 1984, respectively, and the
Ph.D. degree in control theory and applications from
Northeastern University, Shenyang, in 1991.
From 1992 to 1993, he was a Postdoctoral Fellow
with Northeastern University. Since 1994, he has
been with the School of Information Science and
Engineering, Northeastern University, where he is
currently a Professor. From February 1998 to Feb-
ruary 1999, he was a Senior Visiting Scholar at the
Coordinated Science Laboratory, University of Illinois at Urbana–Champaign,
Urbana. From November 2003 to May 2005, he was a Research Fellow with
the Department of Electronic Engineering, City University of Hong Kong,
Kowloon, Hong Kong. Since November 2006, he has been a Fellow with
the School of Engineering, The Australian National University, Canberra,
Australia. His main research interests include switched systems, hybrid control,
nonlinear systems, and robust control.
David J. Hill (S’72–M’76–SM’91–F’93) received
the B.E. and B.Sc. degrees from The University
of Queensland, Brisbane, Australia, in 1972 and
1974, respectively, and the Ph.D. degree in electrical
engineering from The University of Newcastle,
Newcastle, Australia, in 1976.
He is currently a Professor and an Australian
Research Council Federation Fellow with the School
of Engineering, The Australian National University,
Canberra, Australia. He is also with National ICT
Australia, Sydney, Australia. He has held academic
and substantial visiting positions at The University of Melbourne, Melbourne,
Australia, the University of California, Berkeley, The University of Newcastle,
Lund University, Lund, Sweden, The University of Sydney, Sydney, and the
City University of Hong Kong, Kowloon, Hong Kong. He holds honorary
professorships at The University of Sydney, The University of Queensland, the
South China University of Technology, Guangzhou, China, the City University
of Hong Kong, Wuhan University, Wuhan, China, and Northeastern University,
Shenyang, China. His research interests are in network systems science,
stability analysis, nonlinear control, and applications.
Dr. Hill is a fellow of the Institution of Engineers Australia and the Aus-
tralian Academy of Science. He is also a foreign member of the Royal Swedish
Academy of Engineering Sciences.
Tao Liu received the B.E. degree from Northeastern
University, Shenyang, China, in 2003. He is currently
working toward the Ph.D. degree in the School of En-
gineering, The Australian National University, Can-
berra, Australia.
His research interests include switched systems
and dynamical networks.
